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• In a controlled analysis 
of this selected sample, 
estimated CAP 
application is 
significantly higher 
among non-White 
patients 

• Non-White patients may 
be disproportionately 
impacted by the loss of 
copay assistance

• Benefit plans 
imposing CAPs pose 
a disproportionate 
burden on historically 
marginalized 
populations and people 
of color, further 
exacerbating existing 
health disparities 

To evaluate prevalence of copay card utilization within the commercially insured patient population and compare the 
race/ethnicity of patients by copay card usage

To evaluate the prevalence of copay adjustment programs (CAPs) among copay card users and compare the race/ethnicity 
of patients in CAPs to those who are not
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DISCLOSURES 

BACKGROUND
• Pharmacy benefit designs continue to shift cost sharing for prescription medication toward patients1,2

• Pharmaceutical manufacturers provide copay assistance to support patients’ access to appropriately prescribed medication

• Recently introduced CAPs shift some—or all—copay assistance funding to the insurer/pharmacy benefit managers (PBMs) and away from 
the patient3,4

• Little is known of the potential for disparate impact of CAPs on historically marginalized populations and people of color

METHODS
Study Design 
• IQVIA® Longitudinal Access and Adjudication Data (LAAD) linked to Experian™Marketing Solutions LLC consumer data between 

Jan 1, 2019, and Sep 30, 2021 (study period) were used to identify unique patients who were covered by commercial insurance, 
had ≥1 pharmacy claim for treatment within prespecified therapeutic areas, and had sufficient cost data on paid claims

o Prespecified therapeutic areas included cardiovascular and metabolic diseases, immunology, infectious diseases, 
multiple sclerosis, oncology, pulmonary arterial hypertension, and schizophrenia 

• Commercial patients with reliable payer information who were active every year from Jan 1, 2019, to Sep 30, 2021, and were 
prescribed treatments within the prespecified therapeutic areas were included

• Patients included in this study were required to show full demographic (i.e., age, gender, race/ethnicity, state of residence), PBM, 
state-level CAP policy, and overall drug cost data to match Experian™ consumer data

• Patients designated as copay card users were classified into 4 cohorts following prespecified rules (Table 1)
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Maximizers • Patients with ≥3 prescriptions at the same high initial patient cost exposure for a product within a therapeutic area

Accumulatorsc

• Patients with ≥3 prescriptions with a high patient cost exposure that are >50% of a treatment’s WAC price 
• Patients with high annual cumulative patient cost exposures (e.g., >$10,000 in a given year) across ≥3 prescriptions of 

the same treatment
• Patients with unsuccessful mitigation by the manufacturer, shown as ≥2 prescriptions with equal and high copay card 

buydown amounts but with minimal decreases in patient cost exposures over time
• Patients with ≥3 prescriptions with high patient cost exposure that are decreasing by copay card program PALA amounts

Traditional patients • Patients identified as being on standard coinsurance or copay plans

Unknown • All patients who do not fall under any of the above categories (e.g., patients with <3 fills)

WAC, wholesale acquisition cost; PALA, pay-as-little-as.
aAll patients were first identified as commercial copay card users with activity every year from Jan 1, 2019, to Sept 30, 2021, with valid payer information of PALA amounts; 
all categories were mutually exclusive.
bRace/ethnicity was categorized as White and non-White (African American, Asian, Hispanic, and other).
cPatients meeting any of these criteria were classified as accumulators.

Table 1. Patient CAP Classification

Outcome Measures 
• Copay card utilization prevalence was assessed at the patient level by flagging commercial claims with ≥1 copay card claim within 

each therapeutic area of interest 

• CAP prevalence was assessed at the patient level by flagging commercial patients with ≥1 copay card claim within each therapeutic 
area of interest as accumulator and maximizer patients 

• Product-specific, therapeutic area–specific, and general flagging were conducted according to IQVIA® primary and secondary payer
identification expertise and corresponding cost data to determine whether the patient ever used a copay card or CAP during the 
study in a therapeutic area of interest

o Product-specific flagging for copay card utilization prevalence: Was a known copay card program utilized based on copay card 
vendors and pay-as-little-as (PALA) amounts?

o Therapeutic area–specific flagging for CAP prevalence: Was a patient on a plan with a CAP based on patient cost exposures, 
patient cost exposures relative to overall treatment cost, and copay card buydown amounts over a given year?

o General flagging for copay card utilization prevalence: Was a manufacturer patient assistance program utilized based on 
common secondary payers, PALA, and buydown amounts?

o General flagging for CAP prevalence: Was a CAP applied based on annual patient cost exposure amounts over the course of a 
given year?

Statistical Analyses
• All categorical variables were summarized with frequencies and percentages

• All continuous variables were summarized with measures of central tendency (mean, median, standard deviation [SD], 
interquartile range [IQR], minimum, and maximum)

• Multivariable logistic regression and multinomial regression were conducted to examine the association of race/ethnicity with
copay card usage and CAP prevalence, respectively, adjusting for age, gender, household income, patient state of residence, PBM,
state-level CAP policy, and overall annual drug cost

• All analyses were conducted assuming a 2-tailed test of significance and an alpha level set a priori at 0.05 using R Release 4.0.3 
(R Foundation for Statistical Computing, Vienna, Austria) 

Patients 

• A total of 4,073,599 unique patients were included in the copay card analysis (Figure 1)

• A total of 172,374 patients met selection criteria for the CAP analysis

o Of these patients, 156,720 were traditional patients, 8356 were accumulators, and 7298 were maximizers

Figure 1. Flowchart of patient selection. 

LAAD, Longitudinal Access and Adjudication Data; Rx, pharmacy; CAP, copay adjustment program; PBM, pharmacy benefit manager.

Copay Card Utilization 

• Copay card utilization prevalence varies significantly by state across therapeutic areas; an example is illustrated for the immunology therapeutic area only in Figure 2

• In adjusted analyses of the overall population, there was no significant difference in use of copay cards between non-White patients (n = 805,211; 19.8%) and White patients (n = 3,268,388; 
80.2%; odds ratio [OR] 1.00; 95% confidence interval [CI] = 0.99-1.00; P >0.05; Figure 3A) 

• Non-White patients use copay cards significantly more than White patients in the following therapeutic areas: multiple sclerosis (OR 1.21; 95% CI = 1.09-1.33; P <0.001), immunology 
(OR 1.14; 95% CI = 1.12-1.16; P <0.001), oncology (OR 1.21; 95% CI = 1.13-1.30; P <0.001), infectious diseases (OR 1.17; 95% CI = 1.15-1.18; P <0.001), and pulmonary arterial hypertension 
(OR 1.65; 95% CI = 1.14-2.40; P <0.01)

Figure 2. Prevalence of copay card utilization by state in the immunology therapeutic area.

CAP Prevalence
• Among CAP users (n = 15,654), when compared with White patients (n = 12,530; 80.0%), non-White patients (n = 3,124; 20.0%) were significantly more likely to be exposed to CAPs as 

either accumulators (OR 1.31; 95% CI = 1.26-1.36; P <0.0001) or maximizers (OR 1.27; 95% CI = 1.22-1.33; P <0.0001; Figure 3B) 

o Non-White patient exposure to accumulators was significantly higher than White patients in the immunology therapeutic area (P <0.05)

o Non-White patient exposure to maximizers was significantly higher than White patients in the immunology (P <0.05) and infectious disease (P <0.05) therapeutic areas 

• Across all therapeutic areas, increase in drug cost burden was associated with significant increases in odds of patient exposure to both accumulators and maximizers (P <0.0001 for 
all therapeutic areas and overall)

o This risks penalizing patients with high deductibles or those with higher drug use

Figure 3. Difference in the likelihood of (A) copay card utilization and (B) CAP exposure in non-White versus 
White patients (adjusted).

CAP, copay adjustment program; CI, confidence interval.
*P <0.0001.
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LIMITATIONS
• The data on patients ≥65 years of age were 

unreliable and hence excluded

• These results may not be generalizable beyond 
the prespecified therapeutic areas included in the 
current analysis 

• Study results may be affected by confounders 
(e.g., disease severity, comorbidities) that were 
not explicitly evaluated in the study, although 
prior year drug expense was inserted as 
a surrogate

• CAP flagging requires visibility into a minimum 
number of claims within the IQVIA® LAAD dataset, 
potentially underrepresenting their prevalence 

• The analyses may be underpowered to detect 
some significant associations
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